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How can we determine which wind inputs affect loads the most?

Sobol Sensitivity Indices (Sls) quantify the degree of influence that model inputs
have on a selected model output, and they are useful in determining which input
parameters have the most impact on wind turbine loads. The main drawback of
Sobol Slis Is the large number of model evaluations required for their calculation.
This paper presents an approach that uses polynomial response surfaces as
surrogate models for Sl calculations. The proposed methodology performs extremely
well, and the calculated Sl values demonstrate that Sobol Sls can also be used for
atmospheric model reduction.
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